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Abstract: The presence of Malaysian millennials on social 

media platforms is increasingly gaining attention particularly on 
Twitter. Language wise, many of them are predominantly using 
English and Malay in their tweets but with a touch of their own 
“styles” in various morphological aspects. This trend eventually 

leads to a rampant use of distorted vocabulary, churning out 
many non-standard words. This study aims to address the need in 
classifying the types of morphological distortions of words that are 
widely used among the Malaysian millennials and identify the 
reasons behind such trend. A total of 50 active Twitter users from 
Malaysia aged 18 to 30 years old were randomly chosen for this 
study. From each user, 20 tweets of longer than 5 words were 
selected for lexical analysis, giving a sum of 1000 tweets (8443 
words in total). Then, interviews were conducted on 30 
participants to gauge the factors of using those non-standard 
words. The findings revealed that the words were largely distorted 
in terms of its inflections so as to fit some sounds. Also, most 
distorted words were deliberately coined so that the millennials 
would appear trendy, while some were merely following the usage 
without knowing the actual word. This study has shown that the 
use of distorted words among Malaysian Twitter users did not 
hinder effective communication.   
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I. INTRODUCTION 

Social media is a common tool of communication in the 

digital age. Among them, Twitter is one of the popular 
platforms that has been widely used. It is a free social 
networking microblogging service that allows registered 
members to broadcast short posts called tweets. Tweets were 
initially limited to 140 characters because to the constraints of 
Twitter’s Short Message Service (SMS) delivery system, but 

it was later increased to 280 characters in November 2017 or 
approximately 40 words. Gligoric, Anderson and West [1] 
studied the consequence of the switch and found out that 
despite the increase of characters, tweets produced are still 
predominantly concise.  
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The restriction imposed by Twitter, therefore, has 
indirectly trained many Twitter users to be more economical 
and creative in their expression of thoughts, creating a 
plethora of newly-formed “words”, in order to ensure 

everything fits in one tweet. 
Due to Twitter’s microblogging method, users are required to 

make short, frequent posts to a microblog. Microblogging in 
Twitter may include hashtags (auto tagging of topics or 
words), mentions (mentioning or links to other Twitter users) 
or to other links from web pages, images or videos  [2, 3]. 
From this platform, it is great if people want to quickly record 
their thought, opinions, ideas and create awareness. The main 
advantage of this platform is user-friendly and easier for users 
to be connected, given that the interaction is live and in real 
time [4]. In contrast, the character-limit set by the platform 
has prompted the creation of many “alien words” for different 

reasons [5]. This leaves ample room for further investigation 
to be done in relation to the content generated by the Twitter 
users.  

Microblogging platforms such as Twitter have been the 
subject to many studies in the recent years. The studies in this 
area can be grouped into automatic sentiment analysis and 
opinion mining as it presents a huge source of data 
representing the opinions of a significant, yet totally random. 
Studies in the area of sentiment analysis [1, 6,  7, 8 ] depends 
upon random extraction of tweets and identify specific 
sentiment that researchers would like to uncover ranging from 
political inclination to prediction of suicidal thoughts. The 
second group of studies on opinion mining [5, 9] focuses on 
extracting keywords from tweets that match the intended 
target such as preference towards a product or reviews. 
Opinion mining is used by most marketing consultants as well 
as business corporations in obtaining the market trends.  

The problem identified through the review of such studies 
is that sentiment analysis and opinion mining were done 
solely based on well-constructed words that convey such 
meaning. The thematic interpretation of extracted Twitter 
content has resulted in conflicting findings. This shortcoming 
is largely due to the informal language use, the presence of 
non-textual content and the use of slang words and 
abbreviations, that impede the accuracy of the mining 
process. Although the studies reviewed were involving 
English tweets, the growing trend of Malaysian twitter users 
in using slang words and abbreviations has also been studied 
[10]. With approximately 3.5 million users and more than 2 
million tweets being generated in Malay language (Bahasa 
Melayu) apart from English on a daily basis [11],  
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the potential of using Twitter’s large corpus of 
user-generated text-based contents for linguistic analysis is 
largely untapped. This study, therefore, aims to investigate the 
types of distortion used by Malaysian Twitter users in 
“coining” new words and link those to their corresponding 

factors. The non-standard words, in this study, refer to the 
words that cannot be found in the dictionary.  

The following questions are addressed in this study: 
1. What are the non-standard words that are widely used 

by Malaysian millennials on Twitter? 
2. What are the types of morphological distortion 

identified in the non-standard words used by Malaysian 
millennials on Twitter? 

3. What are the factors that influence the morphological 
distortions on the non-standard words used by 
Malaysian millennials on Twitter? 

II. REVIEW OF RELATED STUDIES 

It is undeniable that written language on the Internet is not 
same as on paper. Language use on the Internet is more 
informal. Users start to use abbreviations, acronyms, 
emoticons and distorted words [12]. This helps users that use 
tiny keys on their mobile phones and for sure helping in 
limitation of words in Twitter especially by using 
abbreviations, acronyms and distorted words. For emoticons, 
it is a useful element for non-verbal language to communicate. 
It is describing emotions, facial expressions or physical 
actions without using words. The style of communication is 
become more open and more informal. In additions, Internet 
is the medium for new words and new meanings. 

No one can find non-standard words in a dictionary, nor 
can one find their pronunciation by an application of ordinary 
“letter-to-sound” rules as explained by Sproat et al. [12]. 
Non-standard words usually drop vowels in words but 
sometimes consonants are drop too. Although non-standard 
words are not in the dictionary, but a lot of people are using it 
in communication especially in the Internet. In this study, 
non-standard word refers to those which are not found in 
dictionary. 

This study is based upon the major tenets of cognitive 
linguistics. Cognitive linguistics, one of the modern schools in 
linguistics today, explores the process of perception of the 
reality and concentrates on studying and understanding how 
the language reflects our experiences of the world. It places 
central importance on the role of meaning, conceptual 
processes and embodied experience in the study of language 
and the mind and the way in which they [13]. In this sense, it 
argues that the cognitive ability to use language is closely 
connected to some other abilities which include the abilities to 
perceive, conceptualize and categorize the information. In 
this study, a specific reference to cognitive semantics is used. 

In analysing the factors that contribute to the 
morphological distortions of Malay words on Twitter, 
concepts like Conceptual Metaphor, Metonymy and Emblem 
within Cognitive Semantics are taken. In Conceptual 
Metaphor, there is a cross-domain conceptual mapping 
generally from a concrete source domain to an abstract target 
domain. In Metonymy, there is also a conceptual mapping 
between a source and a target; both being a part of a single 

domain. An Emblem can be defined as a “stereotypical 

conceptual prototype” which represents an “abstract quality 

or attribute”. The term “cognitive semantics” is somewhat 

misleading, as it may suggest that semantics is a separate 
module within the linguistics model, next to “cognitive 

syntax”, “cognitive morphology”, “cognitive pragmatics” 

[14].  
However, based on Langacker [15], cognitive linguistics 

does not adopt a modular view on language such as all 
structures in language, ranging from morphemes, to words to 
syntactic patterns are considered as inherently meaningful and 
moreover, as being of the same kind like symbolic 
form-meaning pairings, called symbolic units (Langacker’s 

Cognitive Grammar or Construction Grammar). In addition, 
grammar is defined as a structured inventory of such 
form-meaning pairs. For lexical items and morphemes, as 
based on de Saussure, assuming such a form-meaning pair is 
quite uncontroversial. If one were pushed to summarize 
cognitive semantics in a number of keywords, some proper 
candidates would be conceptualisation, construal, image 
schemas and prototype-structured categorisation. All these 
principles are not restricted to lexical items, but underlie 
linguistic structures at all levels, ranging from morphemes, 
lexical items, semi-open idioms, to semantically highly 
schematic grammatical patterns. 

 This study employs Kempson’s theory for analysis data. 

Kempson [16] defined there are three ways that already been 
used by linguists and philosophers for giving an explanation 
for exact meaning; (a) explaining word meaning, (b) 
explaining word meaning characteristic and (c) explaining 
relationship process. In this modern world, language also has 
impact. For example, in the expansion of meaning and 
narrowing meaning in Bahasa Melayu vocabulary. Dictionary 
compiler has problem in choosing exact meaning for a new 
meaning for a word.  

III. METHOD 

Qualitative research design was employed to address the 
objectives of this study. The main methodology used was 
textual analytics with the assistance of corpus linguistics 
knowledge. Due to the nature of the required data, qualitative 
judgement is necessary in order for the researchers to collect 
accurate textual evidences for analysis. 

For this purpose, the researchers chose tweets from random 
public users, as long as the user is a Malaysian millennial and 
the tweets are either in English or Malay. So, the first thing to 
look up is when the last tweets are posted. This is important to 
make sure the users are active. Their last tweets must be 
posted within the last month. Next, the researchers checked 
the number of tweets they produced (this is to ensure they are 
real and active users and not spam bots). Tweets with emoji, 
symbols or emoticons were not counted as the main focus for 
this research was to find text-based expressions.  

After 1000 tweets were selected, the researchers analyzed 
the morphological distortions from the tweets. Tweets were 
copied for analysis purpose.  
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All non-standard words within the compiled tweets were 
gathered and analysed using a textual analytics software 
(namely AntConc).  

The analysis  generated the frequency count of each word 
and only subsequently filtered to top 100 words. The 
researcher then classified or coded each word according to its 
category.  

A. Sample and Sampling Method  

The main population of this study was the Twitter users 
from Malaysia. According to the statistics, Malaysia is home 
to 3.5 million Twitter users. However, beginning February 
2014, only 2.8% of these users were active and approximately 
162.4 million tweets were published in that time period. This 
means that Malaysian users tweeting roughly 5.4 million 
tweets per day. In selecting the sample, two sets of 
participants were chosen for the two phases of the study. 

In phase one, 50 Twitter users from Malaysia were 
randomly chosen from the pool of users that the researcher 
had compiled. In order to be selected, the Twitter users must 
fit the following criteria: 

i. Aged 18 to 30 years old. 
ii. Has posted more than 50 tweets with words. 
iii .Active for the last one month. 
iv. Tweets in Bahasa Melayu and English only.  

 
In phase two, 30 participants were randomly selected from 

aged 18 to 30 for an in-depth interview on the usage of 
abbreviations and coined words in social digital discourse. 
The participants were randomly selected, and they must be 
active users of Twitter.  

B. Data Analysis Procedures 

The collected Tweets were processed and textually 
analysed using AntConc softwafre. The most highly used 
distorted words were ranked and categorised according to the 
list that the researchers have set as a guideline. 

 
Table- I: General guideline for coding of distorted words 

TYPES EXAMPLE 
Deletion of vowels can →  cn; now→ nw 

Direct use of acronym Laugh out loud → LOL; 

by the way → BTW 

Reduced phrase/ 
partial deletion  

Trying to →  tryna; going to → 

gonna 

Vowels changing What →  Whut; coffee → coffi  

Consonant changing Orang → owang; fish → pish  

Coined cool → kewl; kedekut → kedek 

 
 The researchers only focused  on top 20 of non-standard  

(distorted) words. Non-standard words were listed and ranked 
according to their frequency count. The words were then used 
for semi-structured interview in phase two; semi-structured 
interview. The objective of this phase was to know the factors 
for such usage.  

IV. RESULTS AND DISCUSSION 

The analysis of gathered tweets began with the frequency 
count of the most common non-standard words used by the 
participants as shown in Table II.  

Table- II: Top 20 distorted words used by participants 
 RANK WORD FREQUENCY 

1. Ni 102 
2. Aq 90 
3. Lak 74 
4. Abt 70 
5. Dak 57 
6. Fon 54 
7. Gonna 49 
8. Pls 48 
9. Ko 47 

10. Amek 45 
11. De 43 
12. Gotta 42 
13. R 38 
14. RN 37 
15. Dy 33 
16. Yr 30 
17. Coz 23 
18. Owg 11 
19. Nw 8 
20. Kedek 4 

 
Based on the results, the word “ni” topped the chart with 

102 times in the gathered data. This is followed by “aq” and 

“lak” with 90 and 74 times respectively. The distorted word 
with lower frequency count is “kedek”, which appeared only 4 
times. The gap between all the frequency is quite close. All 
the words from the list obviously are non-standard words. 

The top 5 of non-standard words in the list are “ni”, “aq”, 

“lak”, and “dak”. These words are categorised by partial 
deletion as they were formed by dropping part of the full word 
as in “ini”, “aku”, “pula”, and “budak” respectively. On the 
other hand, “aq” and “lak” are been shortened and replaced 

with another letter at the back of words. 
While for the words “abt” (about) and “nw” (now), the 

users ignored the vowels in the middle. This is a good 
example of vowels deletion, which is rather common in the 
Internet language. Interesting, consonant changing is also 
popular such as the chase of “owang”, where “r” was replaced 

with “w”. This trend is noted to be rather popular among 

Malaysian millennials, as to indicate cuteness or friendliness. 
There is also partial deletion that drops only the end of the 
word such as “kedek” for “kedekut”. It is unclear why only -ut 
was dropped but the consensus among the users during the 
interview indicated that the word could be coined just for fun 
or novelty.  

During the data collection process, the researchers also 
found other unique words such as “sumer” (coined), “cenni” 
(reduced phrase), “nan” (partial deletion) and “lek” (partial 
deletion). The frequency of used  not really high but they exist 
among the Malaysian Twitter community.  
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The original words are “semua”, “macam ini”, “dengan”, 

and “relax”. These words despite their lower usage were still 
able to be comprehended by the respondents during the 
interview.  

This findings from this study rather aligned to those found 
by Ahmed [17] and Sproat et al. [17]. According Ahmed, 
lexical normalization is widely used for certain reasons. For 
example, limitation in social media and to keep it simple for 
time saving. In addition, the non-standard usage of a mixture 
of both unintentional misspelling and intentionally-created 
words for various reasons [18]. 

 During the semi-structured interviews, these two factors 
were repeatedly mentioned by participants. These proven that 
the limitation of characters and the intention to save time are 
the main contributing factors for various distorted words 
formation in Twitter. 15 participants of the interview session 
agreed that by using non-standard words, it is simpler, and 
they sound trendy. The style of communication has become 
more open and more informal. In addition, social media are 
the platforms for new words and new meanings. Although 
new words are formed, they are acceptable among Twitter 
users and widely used. Thus, social media are regarded as a 
good source to contribute to the forming of language [19]. 

 From the previous research, Sproat et al. [17] also 
proved that normalised words are helping users to save their 
time in communication using technology, but nowadays 
normalisation of words become trends because of the 
existence of social media. As the social media become a part 
of almost people in world, the existence of normalised words 
is raising especially for lexical normalisation.  

It is rather clear that Twitter has contributed to 
non-standard words usage among Malaysian millennials in 
Twitter. In social media, this is reported as “normal” way to 

communicate with each other and nowadays normalization of 
words become trends [17]. This platform is a free format of 
messages and writing because users are freely to tweet. As 
stipulated by Jansen et al. [20], the linguistic structure of 
tweets and its pattern of natural language expression by users 
is prove that user is feel free to tweet. Twitter consider as 
powerful social platforms as it not also influence people to 
communicate using it, but it also build trust between users 
because they have to have trust in using this platform with 
families, friends or strangers in Twitter. 

 In this study, 5 of the non-standard words in the list are 
“ni”, “aq”, “lak”, “abt” and “dak”. These words are not only 

removed their characters but also replaced with another letter. 
This shows that language in Twitter is not same as on paper as 
the language use in Twitter is more informal. The Twitter 
users tend to use more abbreviations, acronyms, emoticons 
and normalised words. This helps users that use tiny keys on 
their mobile phones and for sure helping in limitation of 
words in Twitter especially by using abbreviations, acronyms 
and normalised words. The normalisation task is challenging 
because it has similarities with spell checking but differs in 
that ill-formedness in text messages is often intentional, 
whether due to the desire to save characters/keystrokes, for 
social identity, or due to convention in this text sub-genre.  

Word class for “ni” and “aq” are pronoun, “lak” is adverb, 

“abt” is preposition and “dak” is noun. This shows that 

pronouns largely turned into non-standard words. Based on 

the data, this is the list of word class with the number of users. 
Interestingly, from the list, it shown that Twitter users like to 
normalise pronoun more than other word class.  

It is also apparent in this study that Malaysian youths use 
non-standard words in Twitter because they create 
non-standard words from sound imitation. However, this 
finding is not in line with the findings found by Penell and Liu 
[21]. They found that non-standard words actually widen the 
misinterpretation and the wrong way to pronounce words.  
Most of the participants agreed that one of the reasons why 
they use non-standard word is the sound imitation as it is 
easier to understand compared to its original spelling for some 
people. Clearly, the mentioned factors do influence the way 
words are coined and distorted by Malaysian millennials on 
Twitter. 

V. CONCLUSION 

The findings from the textual analytics of Twitter was 
conducted to answer the first research objective, which is to 
identify the non-standard words which are coined by 
Malaysian youths on Twitter. It showed that top 20 of most 
used of non-standard words among Malaysian youth. All the 
non-standard were listed according to their rank.  In addition, 
the findings in semi-structured interviews revealed the factors 
of why Malaysian youths use non-standard words in Twitter. 
The participant revealed that the reasons why they used 
non-standard words in Twitter are save time, limitation of 
characters, imitate the sounds and to make it simpler and 
trendy.  

In order to fulfil this study area, some interventions can be 
done. During the process of collecting data for the corpus 
analysis, the researcher found some unique and rare words. 
From the observation, only a few of them used it in their 
Tweets. For sure, it is not typos or misspelling because they 
kept used it in Twitter. So, in the future study, the researcher 
can look through sociolinguistics point of view. Although 
they all belong to Twitter community and used non-standard 
words, they still had their differences. This differences that 
future research need to cover. Twitter users might be divided 
according to their groups. For example, hobbies, interest or 
environment. This will give answer to why they use certain 
non-standard words in their Twitter. From this future 
research, researcher can also look into why they use these 
words such as for their identity or secret code in conversation 
with their group [22].  

This research is built for finding factors on why Malaysian 
millennials use non-standard words in Twitter and identify the 
non-standard words in Twitter. The findings fulfil the existing 
gap in context of Malaysian millennials. Furthermore, this 
research provided a corpus of non-standard words in Twitter 
and listed which words are usually normalized by Malaysian 
youth in Twitter. A combination of corpus analysis of Twitter 
and semi-structured interview gave a useful method and ways 
for investigation and compiling the data. The study not only 
filled the previous research but also increased the 
understanding of why they used non-standard words in 
Twitter among Malaysian 
youths. 
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